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Generation and Utilization of Multimodal Knowledge Graphs for Datasets
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Results
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k W C c "## 1. Overview¥n"

"You are a top-tier algorithm designed for extracting information in structured formats about various datasets to build a knowledge graph.¥n“
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"The aim is to achieve simplicity and clarity in the knowledge graph, making it accessible for a vast audience.¥n"
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"**Labels**: Nodes represent entities and concepts centered around dataset.¥n*
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"Avoid using more specific terms like 'academic' or 'industrial.’¥n”
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"**Maintain Entity Consistency**: When extracting entities, it's vital to ensure consistency.¥n"
'If an entity, such as "Some University Dataset", is mentioned multiple times in the text but is referred to by different names or pronouns (e.g., "SUD", "it"),
always use the most complete identifier for that entity throughout the knowledge graph.¥n’
'In this example, use "Some University Dataset" as the entity ID.¥n’
"Remember, the knowledge graph should be coherent and easily understandable, so maintaining consistency in entity references is crucial.¥n”
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